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1. Dedicated GPUs waste compute and IC BW; sharing hurts performance
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One workload’s idle resource is another’s opportunity

4. Dynamic GPU sharing at runtime 5. Evaluate GUST under high contention
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Slowdown over dedicated GPU

No need for workload level changes

6. Data movement-aware GPU sharing reduces resource stalls

® GPU sharing doesn’t solve underutilization
® |[nterconnect intensity enables dynamic adaptation
® GUST improves slowdown relative to dedicated GPUs from 3.9-7x to 2.8x
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